MPOTEINOMENA OEMATA AINAQMATIKQN EPTAZIQN A TO EAPINO EEAMHNO 2019-2020

Ewonyntig: Nikog NAGokag (nploskas@uowm.gr), Emikoupog KaBnyntrig THMMY

1. Autopatonolnpévn eUpeon BEATIOTWV MAPAMETPWY AOYLOULKOU (Auto-tuning software parameters)

Nepwypadr: Ta ocuoTAUATA AOYLOMKOU ylA EMLOTNHUOVIKOUG UTIOAOYLOMOUG SlaBétouv Sladopeg
TIAPAUETPOUC YLa TNV TaXUTEPN EKTEAEDH TOUC f/Kal ylo TV eVpeon KaAutepwyv AUoswv. Ot Snuoupyoi
OQUTWV TWV AOYLOULKWY €XOUV SLe€AyEL TTOAAG TTELPAATA IO TNV EVPECH KATAAANAWYV IPOKAOOPLOUEVWY
TLLWV YO OUTEG TLG TTAPAUETPOUG. QOTOCO, TA CUOTHUATA AOYLOpLKOU Sev £XOUV TTAVTA TNV EMLBUUNTNA
anodoon ot OPLOPEVEG KAAOELC TTPOBANUATWY. ITOXOC TNG €pyooiag autng €ival n uAomoinon kat
UTLOAOYLOTLKH OUYKPLON aAyopiBuwv yla tnv eUpeon BEATLOTWY MAPAUETPWY AOYLOULKOU.

Evéeiktikn BLBAoypadia:

1. Arcuri, A., & Fraser, G. (2013). Parameter tuning or default values? An empirical investigation in
search-based software engineering. Empirical Software Engineering, 18(3), 594-623.

2. Elkhodary, A., Esfahani, N., & Malek, S. (2010). FUSION: a framework for engineering self-tuning
self-adaptive software systems. In Proceedings of the eighteenth ACM SIGSOFT international
symposium on Foundations of software engineering (pp. 7-16). ACM.

3. Katagiri, T., Kise, K., Honda, H., & Yuba, T. (2003). Fiber: A generalized framework for auto-tuning
software. In International Symposium on High Performance Computing (pp. 146-159). Springer,
Berlin, Heidelberg.

AnoutoULEVEG YVWOELG: AAyOpLBuoL kot Aopec AsSopévwy, Mpoypapatiopnog, AptBuntikn Avaiuaon.

2. YMlomoinon kot umoAoylotiky oUykplon oAyopiBuwv ywa mpoPARuata avdBesong mnopwv
(Development and computational comparison of algorithms for the solution of the assignment
problem)

Nepypadn: To mpoPAnua avabeong mopwv adopd oTnV KATavoun U opwv o€ v SpaotnplotnTeg, £T0l
WOTE VO EAAXLOTOTIOLEITAL TO KOOTOC I} VAl LEYLOTOTOLE(TAL TO OPeNOG e TiepLlopLopoU¢ (i) évag mopog va
xpnolpomnotnBel og pa povo dpaoctnplotnta kot (ii) oe kGBe SpactneLOTNTA va XpnoLUoToLEiTaL évag
MOVO TIOPOC. ITOXOG TNG £PYAOLOC €ilval n HEALTN KAl N UTIOAOYLOTIKH GUYKPLON aAyopiBuwv ylwo tnv
enihuon tou npoPARuaToc avdBeon MOpwV. ITNV HEAETN TV aAyopiBuwv Ba AndBolv untdPy Stadopa
KpLTApLa ETIAOYNC TWV avaBEcewy, OTwG N EAAXLOTOMOINGCN TOU KOOTOUG N N LeyLloTomoinon tou odpEloud.

Evéewtikn BLpAoypadia:

1. Chu, P. C, & Beasley, J. E. (1997). A genetic algorithm for the generalised assignment
problem. Computers & Operations Research, 24(1), 17-23.

2. Shmoys, D. B., & Tardos, E. (1993). An approximation algorithm for the generalized assighment
problem. Mathematical Programming, 62(1-3), 461-474.


mailto:nploskas@uowm.gr

3. Ozbakir, L., Baykasoglu, A., & Tapkan, P. (2010). Bees algorithm for generalized assignment
problem. Applied Mathematics and Computation, 215(11), 3782-3795.

ATtattoUEVEG YVWOELG: AAyopLOpoL Kat Aopég Asdopévwy, MPoypoppaTIoNOG.

3. Avamtuén OUOTAMOTOC OUCTAOEWV YLO TO TOIPLOCHO KPLTWV KOl EMLOTNHOVIKWV apBpwv
(Recommender system for matching reviewers with scientific papers)

Nepypadn: Eva cuxvo mpoBAnpa katd t dtadikacia afloAdynong evog EMLOTNOVIKOU apBpou elval n
gUpeon TwV KATAAANAwWY KpLtwv. H emhoyn Twv KPLTWV cuvABwG YIVETAL XELPOKIVNTA OO TOUG EKSOTEG
TOU EMLOTNHOVIKOU TEPLOSIKOU 1) ouVESPLoU. ZTOXOG TNG epyaciag ival n KEAETN KOL N UTTOAOYLOTIKN
olyKpLoN oAyopilBuwy yla To Taiplaopa KPLTwV Kal EMOTNUOVIKWY apBpwv, dnAadn tnv slpeon Twv
KOTAAANAWY Kpltwv yla Kamolo dpBpo. Oa avamtuyxBel éva clOTNUO CUOTACEWY TIoU S0BEVTOC €VOC
apBpou Ba Bplokel autopatomolnueva KpLTEG amo to Google Scholar kat Ba Toug KATATACOEL WG TPOC TNV
ouvadeLd Toug.

Evéeiktikn BLBAoypadia:

1. Protasiewicz, J., Pedrycz, W., Koztowski, M., Dadas, S., Stanistawek, T., Kopacz, A., & Gatezewska,
M. (2016). A recommender system of reviewers and experts in reviewing problems. Knowledge-
Based Systems, 106, 164-178.

2. Liu, X., Suel, T., & Memon, N. (2014). A robust model for paper reviewer assignment.
In Proceedings of the 8th ACM Conference on Recommender systems (pp. 25-32). ACM.

3. Wang, F., Chen, B., & Miao, Z. (2008). A survey on reviewer assignment problem. In International
Conference on Industrial, Engineering and Other Applications of Applied Intelligent Systems (pp.
718-727). Springer, Berlin, Heidelberg.

AmattoUeveG YVWOEeLG: AAyoplOuol katl Aopég Asdopévwy, Texvnty Nonpoouvn, MpoypappUaTiopoc,
ZTATLOTIKA.

4. IUYKPLON TEXVIKWV Tpoemefepyaciog SESOMEVWV TPV TNV €KTEAECH OAYOPIOUWV HNXAVIKAG
nalnong (Comparison of data preprocessing techniques prior to the execution of machine learning
techniques)

Nepwypadn: Eva cuxvo mpofAnua katd tnv epapuoyn g HeEBOSOU pnxavikig pabnong eival n
npoeneepyacia twv dedopévwy. Yriapyxouv diddopeg péBodol yla tnv nmpoemnetepyacio Twv Sedopcvwy
KOL N KATAAANAN Xprion Toug €XEL ONUAVTIKO QVTIKTUTIO OTNV OKPIBELA TWV EKTLUACEWV TWV TEXVLKWV
MNXOQVLIKNG HaBnonc. IToxog tng epyaciag ival n oclykplon TEXVIKWY Mpoemetepyaciog SeSouévwy mpLv
NV ektéAeon aAyoplBuwy pnxavikng uadnong.

Evéeiktikn BLBAoypadia:

1. Huang, J, Li, Y. F.,, & Xie, M. (2015). An empirical analysis of data preprocessing for machine
learning-based software cost estimation. Information and software Technology, 67, 108-127.

2. Uysal, A. K., & Gunal, S. (2014). The impact of preprocessing on text classification. Information
Processing & Management, 50(1), 104-112.



3. Srividhya, V., & Anitha, R. (2010). Evaluating preprocessing techniques in text
categorization. International Journal of Computer Science and Application, 47(11), 49-51.

ATtaLtoULEVEG YVWOELG: AAyoplOuol Kot Aouég Asdopévwy, Texvnty Nonpooulvn, Mpoypappatiopoc,
ApBuntikn AvaAuon, STOTLOTIKN.

5. ZUykpon peOOSWV peiwong Staoctdoswv twv dsdopévwy (Comparison of dimension reduction
techniques)

Nepypadn: NMoAAEC edapoyEC xpnoLpomnololv Stadopouc aledntripeg yla tnv cuAloyn dedopévwy. Ta
6ebopéva mou guAAéyovtal eival peydia Kal avopolopopda, onote eivatl SUOKOAN n enefepyacia Toug
Kot n Ann anoddcewv pe autd. Mia TEXVIKA TTOU XPNOLUOTOLETaL TTIPLY £DAPUOCTEL KATTOLOG AAYOPLOLOG
UNXOQVLIKNG padnong eival n peiwon twv dltactacswyv twv dedopévwy (dimension reduction). Itdxog tng
epyaoiag elval n ouyKpLon TEXVIKWY LELWONG TWV SLOoTACEWV SESOUEVWV TIPLV TNV EKTEAECT OAyopiBUwWY
HNXaVLKrG pdbnong.

Evéeiktikn BLBAoypadia:

1. Papageorgiou, A, Cheng, B., & Kovacs, E. (2015). Real-time data reduction at the network edge of
Internet-of-Things systems. In: 11th International Conference on Network and Service
Management (CNSM), 284-291.

2. Li, L. (2010). Dimension Reduction for High-Dimensional Data. In: Bang, H., Zhou, X., van Epps, H.,
& Mazumdar, M. (eds.) Statistical Methods in Molecular Biology. Methods in Molecular Biology
(Methods and Protocols), 620, Humana Press, Totowa, NJ.

3. Van Der Maaten, L., Postma, E., & Van den Herik, J. (2009). Dimensionality reduction: a
comparative. Journal of Machine Learning Research, 10(66-71), 13.

AmattoUeVEG YVWOELG: AAyoplOuol kat Aouég Asdopévwy, Texvnty Nonpoouvn, Mpoypappatiopoc,
AplBuntikn AvaAuon, STOTLOTIK.

6. ZUyKpLoN HEOOSWV XELPLOMOU eAMMWV SES0MEVWV 0T UNXavik padnon (Comparison of methods
for handling missing data in machine learning)

Nepypadn: Ta Sedopéva amo MPAYHUATIKEG ePAPHOYEG €lval OTAvVLIA TIAPN KL OLOYEVOTIOLNUEVAL.
JuvnBwg mepLéxouv BoOpuBO Kal gival nuiteAn Kat acuvenn. Elval onuavtiko va yivel mpoemnefepyaoia
Twv 6edopévwy £TOL WOTE N XpHoN HEBOSWV UNXAVIKAG LABNoNg va odnynoEL 0 KAAQ amoTEAECUOTA.
Y1OX0C TNG epyaciog eival n ouykplon PeBOSwWV XELPLOUOU eAATWY SeS0UEVWY OTN UNXAVLKY Ladnon.

Evéewtikn BLpAoypadia:

1. Farhangfar, A., Kurgan, L., & Dy, J. (2008). Impact of imputation of missing values on classification
error for discrete data. Pattern Recognition, 41(12), 3692-3705.

2. Zhang, S., Zhang, J., Zhu, X., Qin, Y., & Zhang, C. (2008). Missing value imputation based on data
clustering. In: Gavrilova, M. L., & Tan, C. J. K. (eds.) Transactions on Computational Science |.
Lecture Notes in Computer Science, 4750. Springer, Berlin, Heidelberg.



3. Kotsiantis, S. B., Kanellopoulos, D., & Pintelas, P. E. (2006). Data preprocessing for supervised
leaning. International Journal of Computer Science, 1(2), 111-117.

ATtattoUeVEG YVWOELG: AAyoplOuol kot Aopég Asdouévwy, Texvnty Nonupooulvn, MpoypappUatiopoc,
ApBuntikn AvaAuon, STOTLOTIKN.

7. AAyOpLOpoL HNXaviKAG Ladnong yia Snuoupyia Aefavtog oe ewkdveg (Machine learning algorithms
for labelling images)

Nepypadn: OL alyoplBuot Babiag pabnong (deep learning) €xouv xpnotpomnotnBet o éva peydlo elpog
edpappoywv. Evag and autoug gival n e€aywyn MANpodopLwv amo eLKOVEG. ITOX0G TG Epyaciog eival va
xpnotlpomnotnBouv alydplBuol Babldg pabnong yla tnv avtopatn dnuoupyia AelAvTag o ELKOVEC.

Evéeiktikn BLBAoypadia:

1. Maggiori, E., Tarabalka, Y., Charpiat, G., & Alliez, P. (2017). Can semantic labeling methods
generalize to any city? the inria aerial image labeling benchmark. In: IEEE International Geoscience
and Remote Sensing Symposium (IGARSS), 3226-3229.

2. Paisitkriangkrai, S., Sherrah, J., Janney, P., & Van Den Hengel, A. (2016). Semantic labeling of aerial
and satellite imagery. IEEE Journal of Selected Topics in Applied Earth Observations and Remote
Sensing, 9(7), 2868-2881.

3. Mnih, V., & Hinton, G. E. (2012). Learning to label aerial images from noisy data. In: Proceedings
of the 29th International conference on machine learning (ICML-12), 567-574.

AmnattoUpeveg yvwoelg: AAyoplOuol kal Aopég Asdopévwy, Texvnt Nonpoouvn, Mpoypopupatiopdc,
AplBuntikn AvaAuon, STOTLOTIK).

8. ZUykplon aAyoplOpwv Snuloupyiag umokatdotatwv HovtéAwv (Comparison of surrogate-based
methods)

Nepypadn: e apketd npoPAnpata BeAtioTonoinong Sev UTTAPYXEL N AVAAUTIKI LOPdI) TNG AVTIKELUEVIKAG
ouvaptnong, OmoTe Xelpopaote to MPOPBANUA w¢ £va mPOPAnua pavpou koutol (black box
optimization). Yndapyouv Siddopol aAyoplBuol mou SnuoupyoUV UTIOKATACTATA UOVTEAQ (surrogate
models) yla va TIPOCEYYIOOUV TL( OVTLKELUEVIKEG GUVAPTNOELS O QUTA Ta TPOPANUATA. ZTOXOG TNG
gpyaoiag eivat n ouykplon alyopiBuwv dnuloupyiag UMOKATACTATWY LOVIEAWV.

Evéewtikn BLpAoypadias:

1. Owen, N. E., Challenor, P., Menon, P. P., & Bennani, S. (2017). Comparison of surrogate-based
uncertainty quantification methods for computationally expensive simulators. SIAM/ASA Journal
on Uncertainty Quantification, 5(1), 403-435.

2. Qian, Z, Seepersad, C. C., Joseph, V. R, Allen, J. K., & Wu, C. J. (2006). Building surrogate models
based on detailed and approximate simulations. Journal of Mechanical Design, 128(4), 668-677.

3. Tabatabaei, M., Hakanen, J., Hartikainen, M., Miettinen, K., & Sindhya, K. (2015). A survey on
handling computationally expensive multiobjective optimization problems using surrogates: non-
nature inspired methods. Structural and Multidisciplinary Optimization, 52(1), 1-25.
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ATtaltoUEVEG YVWOELG: AAyoplOuol katl Aopég AsSopévwy, Texvnt Nonpoouvn, Mpoypoppatiopdc,
ApBuntikn AvaAuon, STOTLOTIKN.

9. Npoodloplopog BEATiotng O£ong avapetadotwy o acUppata diktua (Optimal placement of relays
in wireless networks)

Nepypadn: MNa t dnuovpyia aclppotwy SIKTUWY amalteitol n evpeon tNE O£0NC TWV AVOUETASOTWV.
OL oTo)O0L yLa TNV TOTMOBETN O TOUG UIMOopPEL va lvat n KGAU PN TwV MEPLOCOTEPWV XPNOTWY, N LELWON TOU
KOOTOUG, K.a. XTOX0C TG epyaciag sival n uhomolnon aAyoplOpwy yla Tov mpoadloploptd tng PEATLOTNG
B£ong avapetadotwv o acupuata Siktua.

Evéewtikn BLpAoypadia:

1. Hashim, H. A,, Ayinde, B. O., & Abido, M. A. (2016). Optimal placement of relay nodes in wireless
sensor network using artificial bee colony algorithm. Journal of Network and Computer
Applications, 64, 239-248.

2. Lin, B., Ho, P. H., Xie, L. L., Shen, X., & Tapolcai, J. (2009). Optimal relay station placement in
broadband wireless access networks. IEEE Transactions on Mobile Computing, 9(2), 259-269.

3. So, A, & Liang, B. (2009). Optimal placement and channel assighment of relay stations in
heterogeneous wireless mesh networks by modified bender’'s decomposition. Ad Hoc
Networks, 7(1), 118-135.

ATtaLtoULEVEG YVWOELG: AAyOpLOLoL Kat Aopég Asdopévwy, NPoypappaTIoNOG.

10. YAomoinon kot uTmoAoyloTiky oUykplon oaAyopiOpwv yia mpoPAnpata BEATOTNG KOMAG
(Development and computational comparison of algorithms for the solution of the cutting stock
problem)

Nepwypadn: To nmpoPAnua tng BEATIOTNG Komn¢ adopd TNV Komr evog UALKOU O KOUUATLa otaBepol
LeyEBOUC, £TOL WOTE va eAaylotomnoleital n pupa (oe GAAeG mapaAlayEC TOU TPOPBANUATOG UTIAPXOUV Kal
AGAAOL OTOYOL). ITOXOC TNG €PYAOLAC €lval N HEAETN KAl N UTTOAOYLOTIKA oUyKplon aAyopiBuwv yla thv
eniluon tou mpoPARuatog BEATLOTNG KOTIAC. 2TN LEAETN TwV alyoplBuwv Ba AndBouv untd Py Stadopot
oTOxOL.

Evéeiktikn BLBAoypadio:

1. Muter, i., & Sezer, Z. (2018). Algorithms for the one-dimensional two-stage cutting stock
problem. European Journal of Operational Research, 271(1), 20-32.

2. Delorme, M., lori, M., & Martello, S. (2016). Bin packing and cutting stock problems: Mathematical
models and exact algorithms. European Journal of Operational Research, 255(1), 1-20.

3. Delorme, M., lori, M., & Martello, S. (2018). BPPLIB: a library for bin packing and cutting stock
problems. Optimization Letters, 12(2), 235-250.

AnoutoULEVEG YVWOELG: AAyOpLBpoL kot Aopéc AsSopévwy, MpoypapaTiopog.



11. YAomoinon alAyopiOuwv ypappikol mpoypappoticpol (Implementation of linear programming
algorithms)

Nepypadn: Ta mpoBARUATA YPOULLKOU TIPOYPAUUATIONOU epdavilovtal o Stddopeg ebpapUOYEC KL N
BeAtiwon Twv NN umapxOvTwv alyoplBuwy gival peyaAng onpaociag. Stoxog tng epyaciag eival n LeAETn
KOLL ) UTTOAOYLOTLKN) GUYKPLGN 0AYOpIBUwWY Ypa KoL poypappatiopol Tumou simplex. ©a ulomotnBouyv
Kot Ba cuykpLBoULv Sladopec péBodol o kA Bripa Twv aAyopiBuwv tiTou simplex.

Evéewtikn BLpAoypadia:

1. Dantzig, G. B. (1998). Linear programming and extensions (Vol. 48). Princeton University Press.

2. Vanderbei, R. J. (2015). Linear programming. Heidelberg: Springer.

3. Ploskas, N., & Samaras, N. (2017). Linear programming using MATLAB® (Vol. 127). Switzerland:
Springer.

AmnattoUpeveg YvwoeLg: AAyopLBuol kat Aopég Asdopévwy, Mpoypappatiopog, Enxelpnolakn Epsuva,
AplBuntikn AvaAuon.

12. YAonoinon aAyopiOuwv dpopoAoynong os nepipallovra £unvwv noAsewv (Implementation of
algorithms for route planning in smart cities)

Nepwypadn: To npdPAnua SpopoAoynong oxnUATWY gival éva TOAU onuavtikd mpoPAnua yla To onoio
£xouv avartuxBel moAlol alydplBpol. e meptBdAovta £Eunmvwy TIOAEWV XpNOLOTOoLOUVTAL ALoBNTrPEG
yla tn petadoon mAnpodoplwv HE OMWTEPO OKOmMO TN ANYn mAnpodoplwv TOou HmopolV vo
xpnoitomnownBouv ywa tn BeAtiwon tng mowdtntag {wng. Eva tétolo mapddelypa elval n SUVAMLKN
SpopuoAdynon oxnuatwy pe Baoel Sedopéva mou cUAAEyovTal amnod alebnTrpeg. ZTOXOC TNG Epyaciog ival
N LEAETN KAl N UTIOAOYLOTIKY GUYKPLoN aAyopiBuwv Spouoloynaon os meptBailovta eEunvwy MOAEwv. Oa
vAormotnBouv kat Ba cuykplBouv Stadopot ahydpLBuol yia tnv eniluch autol Tou PoBARUATOC.

Evéeiktikn BLBAoypadia:

1. Nha, V. T. N, Djahel, S., & Murphy, J. (2012). A comparative study of vehicles' routing algorithms
for route planning in smart cities. In IEEE 2012 First International Workshop on Vehicular Traffic
Management for Smart Cities (VTM), 1-6.

2. Anagnostopoulos, T., Zaslavsky, A., & Medvedev, A. (2015). Robust waste collection exploiting
cost efficiency of loT potentiality in Smart Cities. In IEEE 2015 International conference on recent
advances in Internet of Things (RloT), 1-6.

3. Medvedev, A., Fedchenkov, P., Zaslavsky, A., Anagnostopoulos, T., & Khoruzhnikov, S. (2015).
Waste management as an loT-enabled service in smart cities. In Internet of Things, Smart Spaces,
and Next Generation Networks and Systems, Springer, 104-115.

ATattoUEVEG YVWOELG: AAyopLOpoL Kat Aopég Asdopévwy, MPoypoppaTIONOG.



