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1. TEXVIKEG UNXOVIKAG LABNONG yLOL TOV EVTOTILOO MpoPANUATWY oXeSlaong o€ cUCTANATA AOYLOLKOU
(Machine learning methods for detecting bad smells in software systems)

Nepypadn: H Kok moldtnTa Tou KWoLka epdaviletal 0 opLoPEVA KOPUATIO KWSLKA TTou ovopalovtal
«KOKEG 0OUEG» (bad smells). H gUpeon kat n 610pOwon TwV KAKWY 0CUWY BEATLWVEL GNUOVTIKA TNV
noldtnta tou Kwdlka. Qotoco, n evpeon TETOlwV TPoPANUATwWY oxediaong oe peydlo cuoThuaTa
AoylopikoU eival dUokoho va emteuyBel xelpokivnta. Exouv avamtuyxBel epyaleia ylo tTnv autopatn
€UPECN KOKWV OOUWV otov Kwdilka. O otoxXog TnG epyaciag autng elval n XpnoLlomoinon TeXVIKWY
MNXAVLIKAC HABnong yla tnv autopatomolnuévn elpeon mpoPAnudtwv oxediaong oe cuotriuota
AOYLOUKOU.

Evéewtikn BLpAoypadia:

1. Fontana, F. A, Mantyla, M. V., Zanoni, M., & Marino, A. (2016). Comparing and experimenting
machine learning techniques for code smell detection. Empirical Software Engineering, 21(3),
1143-1191.

2. Khombh, F., Vaucher, S., Guéhéneuc, Y. G., & Sahraoui, H. (2009). A bayesian approach for the
detection of code and design smells. In 2009 Ninth International Conference on Quality
Software (pp. 305-314). IEEE.

3. Maneerat, N., & Muenchaisri, P. (2011). Bad-smell prediction from software desigh model using
machine learning techniques. In 2011 Eighth International Joint Conference on Computer Science
and Software Engineering (JCSSE) (pp. 331-336). IEEE.

AnoutoULEVEG YVWOELG: AAyopLBuoL kat Aopég Aedopévwy, Texvntry Nonupoaouvn, Texvoloyia Aoyloutkou,
MpoypaUUATIONOC, STATLOTLKN.

2. XpOoVOompoypOoLLATIOHOG wpoAoyiou poypappatog padnudatwy (Scheduling class timetables)

Nepwypadn: O xpovonpoypappatiopog (scheduling) sival éva mpoBAnua mou avilpueTwrileTal cuxvd os
eKmalSeUTIKA 6pupaTa Kol avadEpeTol otnv evpeon evog efSopadlaiou TPOYPAUUATOC LOONUATWY.
AKOUN KoL oAEPQ, N SnULoupyio TwV WPoAoYiwy TPOYPOUUATWY YiveTal TOAAEC HOPEG pe TOPASOOLAKEG
ueBOS0ouG (Ue To XEPL) KL OXL AUTOMATO LECW KATIOLOU TIPOYPAUHOTOC. ITOXOG TNG EPYACLOG QUTAC Elval
n onuoupyla pag edappoynG TOU va KATOOKEUAZEL AUTOMATO TO TIPOYPAUHUA HABNUATWY €VOG
TUNUOTOG. Oa StepeuvnBouv Sladopol alyopLOpOoL XpPOVOTPOYPAUUATIONOU.

Evéewtikn BLpAoypadia:

1. Alvarez-Valdes, R., Crespo, E., & Tamarit, J. M. (2002). Design and implementation of a course
scheduling system using tabu search. European Journal of Operational Research, 137(3), 512-523.
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2. Loo, E. H, Goh, T. N.,, & Ong, H. L. (1986). A heuristic approach to scheduling university
timetables. Computers & Education, 10(3), 379-388.

3. Assi, M., Halawi, B., & Haraty, R. A. (2018). Genetic Algorithm Analysis using the Graph Coloring
Method for Solving the University Timetable Problem. Procedia Computer Science, 126, 899-906.

ATtaLtoULEVEG YVWOELG: AAyopLOpoL Kat Aopég Asdopévwy, Texvnt Nonuoaouvn, NMpoypoppoTIopoE.

3. Xpovomnpoypappatiopog epyoaoctwv o€ neppariovra cloud computing (Job scheduling in cloud
computing)

Nepypadn: O xpovompoypoppatiopods epyaciwv (job scheduling) xpnowomnoteitatl yia va anodpootobel
mola amno tig Slepyaoieg mou gival £Tolpeg yia ektéleon Ba SeopeloEL TOUG MOPOUC TOU CUCTHATOC.
MeplkéC amo auTteg Tig Slepyaoieg pmopouv va amattolv moAAoU¢ kol SladopeTikoug MOPOUE Tou
OUOCTAMATOG. ZTOXOG TNG epyaciag eival n LeAETN adyopiBUwy XpOVOTTPOoYpAUUATIOUOU EpyacLWwV Ttou Ba
anodépouv BeATiwon oToV XpOVO EKTEAEONG TWV SLEPYAOLWV.

Evéewtikn BLpAoypadia:

1. Singh, S., & Chana, I. (2016). A survey on resource scheduling in cloud computing: Issues and
challenges. Journal of Grid Computing, 14(2), 217-264.

2. Arunarani, A. R, Manjula, D., & Sugumaran, V. (2019). Task scheduling techniques in cloud
computing: A literature survey. Future Generation Computer Systems, 91, 407-415.

3. Agarwal, M., & Srivastava, G. M. S. (2018). A cuckoo search algorithm-based task scheduling in
cloud computing. In Advances in Computer and Computational Sciences (pp. 293-299). Springer,
Singapore.

AnoutoUEVEG YVWOELG: AAyopLBuoL kot Aopec AsSopévwy, Texvntr) Nonpoouvn, Mpoypappatiopoc.

4. Autopatomnotnpévn epeon BEATLIOTWY tapapéTpwV Aoyiopikol (Auto-tuning software parameters)

Nepwypadr: Ta ocuoTAUATA AOYLOMKOU ylA EMLOTNHUOVIKOUG UTIOAOYLOHOUG SlaBétouv Sladopeg
TIAPAUETPOUC YLa TNV TAXUTEPN EKTEAEDH TOUC N/Kal ylo TNV epeon KaAuTepwv AUoswv. Ot dnuiouvpyot
OUTWV TWV AOYLOULKWY €XOUV SLe€AyEL TIOAAG TIELPAMATA VLA TNV EVPECT KATAAANAWY TPOKABoPLOUEVWY
TLLWV YLlo OLUTEG TLG TTOPAUETPOUG. QOTOCO, TA CUOTHMATA AOYLOLLKOU Sev £XOUV TTAVTA TNV EMBUUNTH
anodoon ot OPLOPEVEG KAAOELS POoPANUATWY. ITOXOG TNG gpyaciag autng elval n uvAomolinon Kal
UTIOAOYLOTLKY) oUYKpLon oAyoplBpwy yla TNV eVpeon BEATIOTWY MAPAUETPWY AOYLOULKOU.

Evésiktikn BLBAoypadia:

1. Arcuri, A., & Fraser, G. (2013). Parameter tuning or default values? An empirical investigation in
search-based software engineering. Empirical Software Engineering, 18(3), 594-623.

2. Elkhodary, A., Esfahani, N., & Malek, S. (2010). FUSION: a framework for engineering self-tuning
self-adaptive software systems. In Proceedings of the eighteenth ACM SIGSOFT international
symposium on Foundations of software engineering (pp. 7-16). ACM.



3. Katagiri, T., Kise, K., Honda, H., & Yuba, T. (2003). Fiber: A generalized framework for auto-tuning
software. In International Symposium on High Performance Computing (pp. 146-159). Springer,
Berlin, Heidelberg.

ATOUTOULEVEG YVWOELG: AAyOpLBpoL kot Aopec AsSopévwy, MpoypappaTIopoc.

5. YAomoinon Kot UTMOAOYLOTIK oUYKpLon OAyopiBuwv yia mpofARpata XxwpoB<tnong povadwv
(Development and computational comparison of algorithms for the solution of the facility location
problem)

Nepypadn: H emtthoyr] Twv KATOAANAOTEPWY XWPWV EYKATACTACNG Lovadwy elval éva dlaitepa oUvVBETO
MPOBANUA pLog Kal eaptdtal amd pla Oslpd MOPAyOVTIWY Kal ord TOAAQIAG KpLtrpla. ITOX0C TG
gpyaociag ival n LeAETn adyopiBuwv yia mpoPAnpata xwpoBETnong LovASdwY Kal N UTTOAOYLOTLKH TOUG
oUYKpPLON. 2TNV HEAETN Twv aAyopiBuwv Ba AndBolv unov Siadopa kpLtrpla eMAOYAG TWV XWPWVY
EYKATAOTACNG, OTIWG N HEyLoTn KAAuYn Kat N peiwon tou KGoTou .

Evéeiktikn BLBAloypadia:

1. Chudak, F. A,, & Shmoys, D. B. (2003). Improved approximation algorithms for the uncapacitated
facility location problem. SIAM Journal on Computing, 33(1), 1-25.

2. Ghosh, D. (2003). Neighborhood search heuristics for the uncapacitated facility location
problem. European Journal of Operational Research, 150(1), 150-162.

3. Al-Sultan, K. S., & Al-Fawzan, M. A. (1999). A tabu search approach to the uncapacitated facility
location problem. Annals of Operations Research, 86, 91-103.

AnatoUpeVEG yVWOoeLG: AAyopLlBuoL kot Aopég AsSopévwy, MpoypaupaTIoUoC.

6. YAomoinon Kat UTOAOyLOTIK) oUYyKplon oAyopiOpwv yia mpoPARpata avadeong mopwv
(Development and computational comparison of algorithms for the solution of the assignment
problem)

Nepypadn: To mpdPAnua avabeong mopwv adopd oTNY KATAVOUN U TIOpWV o v SpaocTtnpldtnTeg, £ToL
WOTE va EAOYLOTOMOLEITOL TO KOOTOG N va PEYLOTOTOLE(TAL TO OdENOC e TiEploplopoUc (i) Evag mopog va
XpnoiuomnolnBel og pa povo dpaoctnplotnta kot (ii) oe kABe SpactnELOTNTA va XPNOLUOTOLE(TAL £vag
MOVO TOPOC. ITOXOC TNG £PYAOLOg £ival n UEAETN KAl N UTIOAOYLOTIKH OUYKPLON aAyopiBuwv ylo tnv
gniAuon tou mpoBARUATOG avaBeonG MOPWV. ITNV LEAETN TwV aAyopBuwv Ba AndBouv umoYv Stadopa
KpLTNPLA ETIAOYAG TWV avaB£cswy, OTWE N eAayLoTtomoinon Tou KOGToUG ) N LeyLloTtonoinon tou odEAouG.

Evéewtikn BLpAoypadias:

1. Chu, P. C, & Beasley, J. E. (1997). A genetic algorithm for the generalised assignment
problem. Computers & Operations Research, 24(1), 17-23.

2. Shmoys, D. B., & Tardos, E. (1993). An approximation algorithm for the generalized assighment
problem. Mathematical Programming, 62(1-3), 461-474.

3. Ozbakir, L., Baykasoglu, A., & Tapkan, P. (2010). Bees algorithm for generalized assignment
problem. Applied Mathematics and Computation, 215(11), 3782-3795.
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ATtattoUEVEG YVWOELG: AAyopLOpoL Kat Aopég Asdopévwy, MNMpoypappaTiopoc.

7. Avamtuén OUOCTNATOC OUCTACEWV YLO TO TOIPLOGHO KPLTWV KOL EMLOTNHOVIKWV apBpwv
(Recommender system for matching reviewers with scientific papers)

Nepypadn: Eva ouxvo mpoPAnua katd tnv Stadikacio afloAdynong evog emotnovikol apBpou eivaln
gUpeon TwV KATAAANAwWVY kpttwv. H emhoyr Twv KPLTwy cuvnBwc yivetal Xelpokivnta amod Toug ekSOTEG
TOU EMLOTNHOVIKOU TEPLOSIKOU ) oUVESPLOU. ZTOXOG TNG gpyaciag sival n HeAETN KAl N UTIOAOYLOTLKN
olyKpLoN oAyopilBuwy yla To Taiplaopa KPLTWV Kal EMOTNUOVIKWY apBpwv, dnAadn tnv slpeon Twv
KOTAAANAWY Kpltwv yla Kamolo dpBpo. Oa avantuyxBel éva clOTNUO CUCTACEWY TIOU §0BEVTOG €VOG
apBpou Ba Bplokel auTopatomolnueva KpLTEG amo to Google Scholar kat Ba Toug KATATACOEL WG TPOC TNV
ouvadeLd TOUG.

Evéeiktikn BLBAoypadia:

1. Protasiewicz, J., Pedrycz, W., Koztowski, M., Dadas, S., Stanistawek, T., Kopacz, A., & Gatezewska,
M. (2016). A recommender system of reviewers and experts in reviewing problems. Knowledge-
Based Systems, 106, 164-178.

2. Liu, X, Suel, T., & Memon, N. (2014). A robust model for paper reviewer assignment.
In Proceedings of the 8th ACM Conference on Recommender systems (pp. 25-32). ACM.

3. Wang, F., Chen, B., & Miao, Z. (2008). A survey on reviewer assignment problem. In International
Conference on Industrial, Engineering and Other Applications of Applied Intelligent Systems (pp.
718-727). Springer, Berlin, Heidelberg.

AmnattoUpeveg YVWoeLg: AAyoplOuol kat Aouég Asdopévwy, Texvnty Nonpoouvn, Mpoypopupatiopdc,
JTATLOTIKA.

8. ZU0yKplon TeEXVIKWV Tposemnefepyooiog SeSO0UEVWV TPV TNV €KTEAECH OQAYOPIOUWY HUNXOVLKAG
nalnong (Comparison of data preprocessing techniques prior to the execution of machine learning
techniques)

Nepwypadn: Eva ocuxvo mMpoPAnua katd tnv edpappoyn pag pebddou pnxavikng padnong sivat n
npoeneepyaoia Twv deSopévwy. Yriapxouv dtadopeg péBodol yla tnv mposmnetepyaocio Twv dedopevwy
KOl N KATAAANAN Xprion TOuG €XEL ONUAVTIKO QVTIKTUTIO OTNV OKPIBELA TWV EKTIUNOCEWY TWV TEXVIKWY
MNXOQVIKNG HaBnong. IToxog tnNg epyaciag ival n oclykplon TEXVIKWY Mpoemetepyaociog SeSopévwy mpLv
NV ekTéAeon aAyoplOpwv pnxavikng padnaonc.

Evésiktikn BLBAoypadia:

1. Huang, J, Li, Y. F., & Xie, M. (2015). An empirical analysis of data preprocessing for machine
learning-based software cost estimation. Information and software Technology, 67, 108-127.

2. Uysal, A. K., & Gunal, S. (2014). The impact of preprocessing on text classification. Information
Processing & Management, 50(1), 104-112.

3. Srividhya, V., & Anitha, R. (2010). Evaluating preprocessing techniques in text
categorization. International journal of computer science and application, 47(11), 49-51.



ATtaLtoULEVEG YVWOELG: AAyOplOuoL kot Aouég Asdopévwy, Texvnty Nonpooulvn, Mpoypoppatiopdc,
ITATLOTIKN.



